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ABSTRACT 

Artificial Intelligence (AI) is already a part of the technological tools that are revolutionising 

the world of e-commerce and changing the experiences of consumers in the new way of 

personalization. Online experiences are increasingly shaping the products and adverts presented 

to each user, productions, with the assistance of machine learning algorithms, recommender 

engines and anticipatory analytics. Despite raising the sense of convenience and being more 

relevant, personalization through AI raises the notion of privacy and transparency and biased 

algorithms and, thus, consumer trust. The following paper is a case study discussing the 

interaction of the AI-based personalisation, perception, and purchase judgment by the 

consumers in e-commerce. The mixed-method research design is applied because the study 

involved both quantitative surveys combined with a structural equation modeling and 

qualitative interviews, thus identifying the level of effects of personalization complexity on 

consumer trust, consumer perceived value, and particular willingness to buy. The findings 

indicate that personalization has a positive relation with the buying intention when the consumer 

trust dominates, and, in contrast, an over-personalization creates the discommodity of 

apartment, lowering the magnitude of the acceptance. The scholarly community and practice in 

the industry can be potential beneficiaries of this paper owing to a bit of insight that could be 

offered to the scholarly community so that they could reach a compromise in the process of 

customizations and ethics. Within competitive digital business markets, the study topic focuses 

on the ability of explainable AI systems to keep consumers confident and even to gain loyalty 

in the long-term. 

 

Keywords: AI personalization, E-commerce, Consumer trust, Purchase decision-making, 

Recommender systems, Customer perceptions, Online shopping behavior. 
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INTRODUCTION 

The environment of international business was 

transformed radically due to the rapid development of 

Artificial Intelligence (AI) technologies and e-

commerce became one of the most dynamic areas, 

where personalization acquired a new role in the 

interaction with customers, confidence, and decision-

making. Over the past decade, online systems have 

begun to progress past simple or basic recommender 

systems, towards highly personalize, data-oriented, 

personalization engines that not only utilize machine 

learning, natural language processing, and deep 

learning but also process consumer browsing data, 

demographic profiles, purchase history and real-time 

behavioral signals. The move has seen personalization 

through AI not only become a strategic requirement, 
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but also a competitive edge in the digital trade front to 

reduce the potential amount of offerings to present to 

the customer in attempts to fuel consumer satisfaction 

and elicit the conversion rate. Yet, where this type of 

personalization as an application of AI potential 

confederated around the possibility of providing more 

or less individualized experiences that are just as 

attentive to the consumer needs as can be created, its 

use raises critical questions of how the consumer 

perceives these interventions, and to what extent the 

resulting experiences constitute or de-constitute trust, 

and what impact that has on the ultimate decision to 

make a purchase. Testability into practice In practice, 

AI personalization can be resolved by two ways: first, 

the perceived usefulness and perceived risk: the 

personalization of the system can have tinged the sense 

of convenience and relevancy and pleasure through the 

proposal of an individualized selection, and, secondly, 

the personalization can generate the apprehensions of 

intimidation, data mining, and an algorithm 

transparency that, on the other hand, destroys the trust 

required to make it a long-term adoption. The 

popularity of big data analytics in e-commerce is 

increasing in importance of this aspect of trust since 

customers are typically asked to part with valuable 

sensitive information such as financial information and 

location location in exchange to obtain a customized 

experience and this trade-off is not one every customer 

would be comfortable making. The focus on trust as an 

intervening construct has been reiterated numerous 

times by the scholarly literature on how trust, when 

mediating online transactions, relates to the discovery 

of benefit effects such as increased willingness to 

purchase, repeat customers, and increased acceptance 

of automated infrastructures, but the technologies by 

which personalization is brought into existence, rather 

indirectly cost invaders or issues such as predictive 

modeling and algorithmic profiling, can also 

undermining trust when it is judged as intrusion or 

manipulation. This strain has also been increased by 

high profile cases of data abuse and algorithm bias, 

which help focus more attention on consumers to the 

issue of underlying ethical and social risks associated 

with the use of AI systems. The research literature has 

remained amplified but the research gaps have 

remained with respect to comprehensive coproduction 

of the effects of AI-driven personalization, consumer 

perceptions and purchase decisions, and such has been 

accepted to situations where personalization has been 

activated across the surface but context in which 

cultural or demographic variance seems to affect how 

users react with the relationship against the facilitation 

of AI. Pointing positively, as some researchers have 

made personalization work by arguing that it adds to 

its involvement as the result of establishing a sense of 

touched treatment, other researchers caution against 

inclining excessively narrow contents, an practice that, 

as researchers indicate, leads to a sensation of 

monitoring and personal disturbance, the so-called, 

personalization-privacy paradox. Along with that, the 

technology acceptance model and the privacy calculus 

theory are also useful as they demonstrate the converse 

of the consumer behavior that is frequently unable to 

follow the nuances of the psychological and even 

emotional response to an established AI application, 

which is characteristic of an e-commerce case. Against 

this backdrop, the present study presumes the 

intersectional point of technology, consumer 

psychology and marketing research by exploring the 

influence of AI-driven personalization on consumer 

perceptions, and readings in levels of trust and 

progressive shopping decisions in virtual stores 

contexts. Mixed-method approach in research will be 

adopted and quantitative survey will be utilized in 

addition to structural equation modeling, this approach 

will provide the research with the empirical evidence 

on the mechanism behind such personalization effects 

in addition to the supposition of the position of the 

contextual factor moderating these effects. More 

specifically, the research question is whether 

personalization or personalization on one side could be 

mediated with consumer trust and purchase intention 

on the other hand as well as whether a type of 

perceived intrusiveness weakens the positive effects of 

personalization to the consumer decision making. This 

research problem is extremely timely and more 

requirement satisfaction was achieved should which 

the background that hyper-personalized marketing 

campaigns that capitalize on consumer behavioral 

patterns based on data collection processes, are in-

service, real-time analytics and a dynamic AI model. 

In theory, the findings will be used to guide the existing 

debate on the personalization/privacy topic, overall 

generalizing existing systems of trust and technology 

adoption with structures of special affordances and 

threats of AI systems. Practically, the reflections 

generated can assist the e-commerce companies to 

organize their personalization strategy in a way that 

they would ensure maximum participation of 

consumers without compromising their ethical values, 

transparency, and trust in the long run. The 

consequences of the study also speak of policymakers 

and regulators who will have to resolve the conflict of 

establishing data protection frameworks, AI regulation 

frameworks, which will facilitate consumer interests 

and allow enterprises to innovate. Lastly, by 

contextualizing AI-based personalization into the 

broader context of digital trust and consumer control, 

the work justifies the importance of trading off 

between technological complexity and moral needs in 

the digital economy and goes on to suggest how 

consumer sentiment towards personalization leads not 

only to the short-term purchasing, but also a more 

long-term relationship between the business and the 

customers. 

 

RELEATED WORKS 

This growth of application of Artificial Intelligence 

(AI) in e-commerce has resulted in a flood of academic 

inquiry on its implications to personalization, 

consumer trust and response to consumer decisions 

with the investigators adopting an interdisciplinary 

frame of knowledge of information systems, 

marketing, psychology and data science to define the 

subtleties of such interactions. The collaborative and 

content-based filtering that initially had been 
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researched in recommender system was a primary 

defining aspect of aviation and technology that reveals 

the technological foundation of personalization as well 

but gives not many consumer perceptions or attitudes. 

Recent research has also put more emphasis on the 

psychology side of personalization, namely how AI-

maker suggestions affect cognitive judgements of 

utility and how affective responses to 

enjoyable/unpleasant responses, respectively, affect 

purchase intentions. The conclusion to which Zhang et 

al. arrived was that personalization results in enhanced 

shopping experience with the number of searches 

going down as well as perceived value; however, the 

recommendation algorithms can as well come as 

suspicions in the instance that the consumers perceive 

such recommendations as being manipulative and/or 

immaterial [1]. A similar body of literature assigns a 

high importance to trust as an interaction that connects 

personalization and consumer consequences. Trust-in-

e-commerce model by Gefen and Pavlou has been 

broadly expanded in the AI applications with current 

empirical studies leading the argument that trust is the 

primary cause that transforms personalized 

recommendations into qualified purchasing behaviour 

[2]. Trust in such a format has been conceptualized as 

a multidimensionalal dimension where trust 

incorporates cognitive trust as founded on a perception 

of competence and reliability and affective trust hinged 

on emotional attachments and face of benevolence. 

The consumers, based on what the studies, such as the 

one by Kim and Park [3], state, will act based on the 

suggestions that AI produces upon the assumption that 

the system upheavals in an open unit, data are handled 

responsibly, and it depicts expertise in predicting the 

relevant requirements. It has however taken a new 

twist with the advent of the personalization-privacy 

paradox wherein as long as the consumer is thrilled 

with the convenience that such personalized 

suggestions offer to the consumer the consumer is 

afraid of the potential exploitation of the personal data 

thus rendering their long term processes a rather 

questionable affair as courtsied by Li et al. [4]. Such 

results keep being complicated by work on algorithmic 

transparency. It may be said that the more people learn 

about how such recommendations are formulated, the 

more they perceive fairness and trust and, 

consequently, that any antecedent information can 

diminish this aspect due to its distractions on the users 

(Binns et al. [5] aligned their research with the 

previous findings on this aspect). Relatedly, scholars, 

including Awad and Krishnan [6] observe that 

individuals are more ready to accept the idea of 

personalization when driven by the idea of privacy and 

demographic variation because younger digital natives 

are more accepting of the idea of AI-targeting than 

older demographics are more critical. On the cultural 

level, it has been documented that cultural 

consideration has an impact on the presence of answers 

to personalization and that Hofstede cultural 

dimensions model has frequently been employed in 

relating differences in trust and acceptance across 

markets. Indicatively, Xu et al. [7] could find out that 

the collectivist cultures are more sensitive to the role 

of relational trust and this is why the positive response 

to the AI personalization is, in the form of more 

significance to the social ties, and the individualistic 

ones are more concerned about their autonomy and see 

an intrusion when the latter is augmented. At the same 

time, the significance of the elaboration likelihood 

model (ELM) to account the responses to the tailored 

marketing may be mentioned as the theoretical 

approach developed in the century has its parallel 

formation in relation to the theory of consumer 

behavior. According to the Petty and Cacioppo model, 

in low-involvement scenarios, personalization 

messages can be used as temperate signals to generate 

more substantial persuasion, yet when the situation is 

high-stakes we expect the consumers to be more 

critical about the reasoning to create skepticism in the 

event of mistrust [8]. Moreover, the study about 

heuristics in decision-making process suggests that the 

potential confusion of decision fatigue can be reduced 

by AI personalization by reducing the number of 

alternatives but bringing in the issue of over reliance 

by weakening the consumers agency [9]. At the same 

time, the ethical AI is also examined, putting forward 

the risk of algorithmic bias, whereby systems which 

are trained on biased content perpetuate stereotypes 

into their own service, and pose reputational risks to e-

commerce organizations and lack of trust in consumers 

[10]. Personalization, likeaccountability mechanisms 

(e.g., auditing, detecting bias), etc. should go hand in 

hand with the objective of being fair and inclusive, as 

Scholars suggest [11]. The other significant aspect of 

literature can be alluded to the effects of responsive 

and cognitive reaction on the consumer trust towards 

the AI systems. Pavlou and Chai [12] demonstrate that 

the concept of personalization may assist in increasing 

the perceived competence at the costs of the judged 

benevolence when it appears that the personalization is 

infringing the autonomy in the mind of the consumers. 

This dualism is also duplicated in the contemporary 

interpretation of privacy calculus theory wherein 

consumers are said to undertake a cost benefit analysis 

during their decision to adopt personalization: in a 

situation where judgments of benefits, such as 

convenience and virtue are judged to have possibility 

of conducting transactions, consumers would tend to 

end up paying more attention towards purchasing [13]. 

In addition, social presence theory studies suggest that 

the anthropomorphic plausibility of the AI encounters 

could be enhanced by the social presence aspect of 

realizing the encounters with the aid of the 

anthropomorphism to foster trust, but an excessive 

anthropomorphism of interaction processes attracts 

uneasiness, a phenomenon called the uncanny valley 

effect [14]. Lastly, recent studies by explainable AI 

(XAI) concentrate on the argument that the 

practicability of interpretable explication and 

comprehensible explanations has a significant part in 

boosting trust particularly in contexts that involve 

making high stakes purchases [15]. Together, these 

texts show the multifaceted and even contradictory set 

of impacts in relation to transformational capabilities 

that are related to the e-commerce of AI-based 

personalization of consumption: on one hand, it holds 
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the vast possibilities of additional benefits to the 

significance, trust, and consumer decision; on the other 

hand, it creates risks to privacy, buying trust, and 

integrity. The available literature introduces the 

necessity of having a balanced approach that would 

integrate technology advanced and ethical protection, 

and there is a big gap in the literature on the correlation 

between the degree of personalization and consumer 

trust and perceptions, and ways of their use to shape 

their purchasing behavior during online purchasing. 

 

METHODOLOGY 

Research Design 

This study employs a mixed-method research design, 

combining quantitative and qualitative approaches to 

capture both the measurable and interpretive 

dimensions of AI-powered personalization in e-

commerce. The quantitative phase relies on a 

structured survey administered to online shoppers, 

designed to examine the relationship between 

personalization, consumer trust, and purchase 

decision-making. Structural Equation Modeling 

(SEM) is applied to test hypothesized relationships and 

mediation effects. The qualitative phase supplements 

these findings through semi-structured interviews with 

selected participants to explore deeper perceptions of 

personalization, privacy, and trust, thereby enriching 

the interpretation of survey data [16]. 

 

Participants and Sampling 

The study targets active e-commerce users across 

major platforms (e.g., Amazon, Flipkart, eBay) with a 

sample size of N = 300 respondents. A purposive 

sampling strategy is employed to ensure diversity in 

demographics such as age, gender, income, and online 

shopping frequency. Approximately 60% of 

participants are drawn from the 18–35 age group, 

reflecting the segment most engaged with personalized 

digital experiences. Data were collected through online 

survey tools, ensuring accessibility and convenience 

[17]. 

 

Data Collection 

Survey instruments included Likert-scale items (1 = 

strongly disagree, 5 = strongly agree) measuring 

perceptions of personalization, trust, privacy concerns, 

and purchase intention. Constructs were adapted from 

validated scales in prior research to ensure reliability. 

Additionally, interviews with 20 participants were 

conducted via video conferencing to gather nuanced 

insights into consumer experiences with AI-powered 

recommendations. 

 

Measurement Variables 

The study conceptualizes personalization, trust, and purchase decision-making as interconnected constructs. AI 

personalization is treated as the independent variable, consumer trust as a mediator, and purchase intention/decision-

making as the dependent variable. Privacy concerns and perceived intrusiveness are considered moderating variables. 

 

Table 1: Constructs and Measurement Indicators 

Construct Measurement Indicators Source 

(Adapted) 

AI 

Personalization 

Relevance of recommendations, timeliness, contextual fit [16] 

Consumer Trust Perceived competence, benevolence, reliability of AI system [17] 

Privacy Concerns Fear of data misuse, perceived loss of control, discomfort with data 

tracking 

[18] 

Purchase 

Intention 

Likelihood of product consideration, willingness to purchase, repeat 

purchase behavior 

[19] 

 

Hypotheses Development 

Drawing upon prior research and theoretical models such as Privacy Calculus Theory and Technology Acceptance 

Model, the following hypotheses are proposed: 

 

H1: AI personalization positively influences consumer trust. 

H2: Consumer trust positively influences purchase intention. 

H3: AI personalization positively influences purchase intention directly. 

H4: Consumer trust mediates the relationship between personalization and purchase intention. 

H5: Privacy concerns negatively moderate the relationship between personalization and trust. 

 

Table 2: Hypotheses Framework 

Hypothesis Relationship Tested Expected Outcome 

H1 Personalization → Consumer Trust Positive relationship 

H2 Consumer Trust → Purchase Intention Positive relationship 

H3 Personalization → Purchase Intention Positive relationship 

H4 Personalization → Trust → Purchase Intention (Mediated effect) Indirect significance 

H5 Privacy Concerns × Personalization → Trust (Moderating effect) Negative moderation 

 

Tools and Data Analysis 
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The quantitative data is analyzed using SPSS and AMOS, applying descriptive statistics, correlation analysis, and SEM 

to validate hypothesized paths. Reliability is assessed via Cronbach’s alpha, while validity checks include confirmatory 

factor analysis (CFA). Qualitative data is analyzed using thematic coding with NVivo software to extract recurring 

themes. Triangulation ensures consistency across datasets [20]. 

 

Validity and Reliability 

Construct validity is established through the use of previously validated scales, while internal consistency is confirmed 

via Cronbach’s alpha (>0.7 threshold). To ensure external validity, the sample reflects diverse demographic 

characteristics representative of the broader population of online shoppers. Pilot testing with 30 participants improved 

clarity and reliability of survey items [21]. 

 

Ethical Considerations 

Informed consent was obtained from all participants, and anonymity was guaranteed. No sensitive personal identifiers 

were collected. Data were stored securely and used exclusively for academic purposes, adhering to research ethics 

standards [22]. 

 

Limitations 

This study acknowledges limitations including reliance on self-reported data, which may be subject to bias, and the 

cross-sectional design, which restricts causal inferences. Additionally, the scope is limited to e-commerce platforms in 

India, which may reduce the generalizability of results to global contexts [23]. 

 

RESULT AND ANALYSIS 

Descriptive Statistics 

The demographic analysis of the respondents (N = 300) revealed that 58% were male and 42% female, with the majority 

(61%) between the ages of 18–35, reflecting the dominance of younger consumers in e-commerce markets. Education 

levels indicated that 72% held at least a bachelor’s degree, while income distribution showed that 54% earned within 

the middle-income bracket. In terms of shopping behavior, 47% reported making online purchases at least twice a month, 

with fashion, electronics, and groceries being the most frequently purchased categories. This demographic profile aligns 

with the target segment most exposed to and influenced by AI-powered personalization. 

 

Table 3: Respondent Demographics 

Variable Categories Percentage (%) 

Gender Male (58), Female (42) 100 

Age Group 18–25 (29), 26–35 (32), 36–45 (21), 46+ (18) 100 

Education Bachelor’s (48), Master’s (24), Others (28) 100 

Income Level Low (18), Middle (54), High (28) 100 

Purchase Frequency Once/month (28), Twice/month (47), Weekly (25) 100 

 

Reliability and Validity Testing 

Cronbach’s alpha values for all constructs exceeded the 0.70 threshold, confirming strong internal consistency. Factor 

loadings from the confirmatory factor analysis (CFA) were significant, indicating convergent validity, while discriminant 

validity was established as the square root of the average variance extracted (AVE) exceeded inter-construct correlations. 

 

 
Figure 1: E-Commerce Personalization [24] 

 

Table 4: Reliability and Validity Measures 

Construct Cronbach’s Alpha Composite Reliability AVE 

AI Personalization 0.89 0.91 0.68 

Consumer Trust 0.86 0.89 0.65 

Privacy Concerns 0.82 0.85 0.61 

Purchase Intention 0.91 0.93 0.70 
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Hypotheses Testing (SEM Results) 

Structural Equation Modeling (SEM) results supported the proposed hypotheses. Personalization had a significant 

positive impact on consumer trust (β = 0.52, p < 0.01) and directly influenced purchase intention (β = 0.29, p < 0.05). 

Trust strongly influenced purchase intention (β = 0.46, p < 0.01), confirming its mediating role. Privacy concerns 

negatively moderated the relationship between personalization and trust, reducing its strength in high-privacy-sensitive 

respondents. 

 

 
Figure 2: Advantages of AI [25] 

 

Table 5: SEM Results of Hypotheses Testing 

Hypothesis Path Tested Standardized β p-value Result 

H1 Personalization → Consumer Trust 0.52 <0.01 Supported 

H2 Consumer Trust → Purchase Intention 0.46 <0.01 Supported 

H3 Personalization → Purchase Intention 0.29 <0.05 Supported 

H4 Personalization → Trust → Purchase Intention 0.24 (indirect) <0.05 Supported 

H5 Privacy Concerns × Personalization → Trust –0.18 <0.05 Supported 

DISCUSSION OF KEY FINDINGS 

The findings suggest that AI-powered personalization 

enhances purchase decision-making primarily through 

its positive influence on consumer trust. 

Personalization was shown to directly improve 

consumer perceptions of value and relevance, but its 

strongest impact occurred indirectly through trust as a 

mediating factor. The data indicate that consumers are 

more likely to purchase when they believe the AI 

system is both competent and benevolent in handling 

their data. However, the moderating role of privacy 

concerns highlights a paradox: while personalization 

improves efficiency and convenience, excessive 

intrusiveness can diminish consumer trust. High-

privacy-sensitive respondents demonstrated weaker 

trust in personalized recommendations, suggesting that 

transparency and data protection assurances are critical 

for sustaining trust. These results emphasize that 

personalization is not merely a technological 

innovation but a trust-building mechanism that 

requires careful management to avoid unintended 

negative consequences. 

 

CONCLUSION 

The behavior of the consumer perceptions, consumer 

trust, and consumer purchase decision making in e-

commerce through the lens of the AI-oriented 

personalization have been addressed with illuminating 

empirical evidence on one of the most essential 

challenges in the sphere of the digital commerce as to 

whether high-level personalization enhances consumer 

trust or erodes it. The findings indicate that algorithmic 

recommendations can substantially enhance purchase 

intentions in the form of personalization by AI, but, the 

most significant mediating variable is trust that turns 

the algorithmic suggestions in the active consumer 

behavior. Despite the fact that the personalization 

plays direct roles in executing the purchase behaviors 

thus making it more relevant, convenient, and 

positively viewed value, its indirect effect that is 

manifested in trust shows that the consumer-making 

decision process online is not at all a factor of 

technological development but is founded on the 

psychological and relational contributed of online 

shopping. The results highlight the notion that 

personalization can fulfill its promise, yet it can be 

done only provided the consumers believe that the AI 

systems are capable and willing and recognize that 

they can use the data in a transparent and benevolent 

manner. However, the fluctuating quality of the 

privacy issue highlights the rapid dual quality of 

personalization in which the excessive gathering of 

information and data-mining suggestions represents a 

particular risk to remove or steal the trust of the data, 

which is the stepping stone to the creation of 

sustainable e-commerce. This observation speaks in 

favor of personalization-privacy paradox and unveils 

that the sustainability of communication among 

consumers will not be defined in terms of the 

predictive accuracy level, but ethical behavior, 
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measures toward protecting information and observing 

the rules. Theoretically, the current body of knowledge 

involving adoption of technology research has been 

introduced through application of personalization, 

trust and privacy in the same model, and the models 

are advanced which traditionally focus the three 

constructs individually. Combining the two 

approaches will provide the mixed-method approach 

with supplementary element of a quantitative 

validation that will be followed by the qualitative in-

depth research which well offsets development of a 

holistic image of the consumer experience in relation 

to the AI personalization. Practically, the results may 

provide e-commerce firms with specific 

recommendations: they should consider the methods 

of personalization being fairly elaborate, but 

clarifiable, hence relying on the algorithms explaining 

their decision to users in a manner understandable to 

the latter, and the use of data must be described in a 

way not being ambiguous to the people using it. 

Explainable AI (XAI) is another strategy that firms 

would need to deploy, as well as opt-in and adjusted 

privacy options that would allow consumers to choose 

the degree to which they would like to be customized 

on an individualized basis. In this fashion platforms 

can alleviate the unease of privacy, and bring about a 

feel of fairness and control, a boost of trust and loyalty. 

Besides, the implications of the results are of critical 

interest to policy makers who should contextualize 

policies that under the banner of innovation does not 

override consumer rights but on the other hand, 

personalization should never devolve into 

manipulation and surveillance. AI governance system, 

standards of accountability in algorithms and effective 

data protection law is essential to give consumer 

protection into an era of hyper-personalisation. As a 

future research, researchers could use this research as 

a basis to assume longitudinal studies design as, in this 

way, one can gain a much better understanding of how 

consumer trust can be changed as one continues to face 

the AI systems repeatedly, or, alternatively, researchers 

may consider the question of how cultures affect 

personalization acceptance by conducting a cross-

cultural study. In addition, an integration of behavior 

tracking with the self-report information may provide 

more reasonable information concerning actual 

purchase behaviors. Lastly, this article affirms that AI-

based personalization is both ends of the same sticking 

wedge: the opportunities availed to it are unparalleled 

to maximize the relevance, efficiency, and satisfaction 

of e-commerce but the effectiveness of such a 

technology lies on the fine boundary between 

innovation and responsibility. Through recognising 

trust as the crucial section of consumer decopment, as 

well as incorporating moral approach in the 

personalisation strategies, the e-commerce sites will 

realise AI to achieve to the maximum potential, and in 

the process, intrapersonal lasting similarity with the 

consumers. The study determines that the problem of 

personalization is not a set technically-defined goal of 

optimization, but a socio-technical model which must 

engage technology, consumer psychology, and ethical 

management in balance. Using this, the future of 

personalisation in e-commerce might not be depicted 

in the shadow of intrusions but a guarantee of 

openness, equity and reliability compels the digital 

marketplace forums to thrive in an economy gradually 

turning increasingly more AI-led. 
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