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ABSTRACT

The research aims to formulate an empirical model to identify factors that influence consumer
behavior in the use of technology. In addition, the research seeks to broaden the understanding
of the adaptation of technology use with contextual variables. The research is supported by
sample data from 115 respondents who use e-commerce platforms. Empirical analysis uses a
Partial Least Square Structural with an Equation Modelling (PLS-SEM). Data processing with
the Smart-PLS software application. The results of the reflective measurement model test show
the loading factor value (>0.70), cross loading (>0.70), average variance (AVE>0.50). While the
reliability of Cronbach's alpha, reliability rho-A and rho-C (>0.70). The structural equation
model test can be proven that the determination factors can influence consumer behavior in the
use of technology. Meanwhile, related to moderation and interaction effects, the results of the
research prove that there is no significant difference between gender and income level on the
behavior of e-commerce platform users. The same thing is also related to the interaction effect,
there is no significant difference. The increase in technology use behavior is only determined
directly and non-moderation

Keywords : E-commerce, behavioral intention, use behavior, UTAUT2.

1. INTRODUCTION:

Over the past twenty years, there has been an exponential
development in the world of mobile and wireless
communications that has provided new business
opportunities that can be implemented in everyday life.
This can be seen as more and more users using mobile as
a means of business activities, one of which is online sales
and purchases of products or digital marketing. This has
resulted in a shift in the way products and services are
marketed by utilizing technology from previously using
conventional marketing methods.

With this change, many smartphone users who were
previously only for phone calls and messages, are now
more than that, which allows them to make transactions
such as in digital payments, online shopping, transfers,
marketing services through mobile phones and so on. The
phenomenon of using mobile devices for business affairs
is generally known as mobile commerce or e-commerce.

E-commerce applications as a service mechanism, allow
to improve competence, provide new opportunities to sell
goods and services and increase the efficiency and
effectiveness of the supply chain [1]. E-commerce
businesses introduce opportunities to compete in the
global market with innovative information technology and
furthermore, through relationships with partners and
customers.

E-commerce is basically defined as a business model that
provides consumers with the opportunity to make
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transactions through mobile devices [2], [3]. Given the
ever-evolving variety of e-commerce platforms, many
definitions of e-commerce emerge covering the specific
context of various applications. Therefore, this study will
mainly focus on e-commerce that supports product
transactions through mobile devices referring to some
previous studies [3], [4], [5].

Clear e-Commerce has a number of advantages today
especially in terms of providing local, universal and
Customized [2], [5]. Today, many researchers see E-
commerce is one of the fastest-growing business models,
although a few years ago, e-commerce was seen as still in
its infancy with little results in various places. In addition,
the pace of e-commerce adoption and growth varies across
countries, with very low rates especially in developing
countries [2]. According to Laudon and Traver (2016), e-
commerce is one of the important pillars in business.
Rapid transition to an e-commerce-based economy driven
by internet companies: Google, Amazon, Apple,
Facebook, Yahoo, Twitter, and YouTube.

In general, e-commerce refers to transactions that are done
digitally and includes all types of transactions that are
powered by digital technology. This means that any
commercial interaction that takes place on the internet will
always involve the transfer of value, such as money, that
takes place between organizations or individuals to
purchase goods and services. Value transfer is essential to
understand the limitations of the platform. Without value
transfer, online trading would not happen. According to
Laudon and Traver (2016). Progress E-commerce is
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acquired thanks to the advancement of internet
technology. Without internet technology, e-commerce
businesses would be almost impossible. Internet
technology facilitates advances in security and payment
aspects, marketing and advertising strategies, financial
applications, media distribution, and commerce-to-
business and retail. Technological adaptation has
revolutionized traditional business rules (from offline-to-
online) and created new ways in business competition.
Therefore, the digital transformation of the economy
should be used as an alternative solution as an engine of
new economic growth [7].

The study of the acceptance and use of technology has
attracted the attention of researchers for decades. User
acceptance of new innovative technologies is often
described as one of the most prevalent areas of research in
the contemporary technology literature. Studies in this
field produce various models that can explain a person's
desires and intentions using information system
technology innovations.

In connection with this explanation, an evaluation
approach is needed as a solution. Because of its emphasis
on evaluating user acceptance of e-commerce, the
integrated model of technology use and acceptance is
considered the most appropriate. One of the widely used
models to understand the acceptance of technology is
UTAUT (Unified Theory of Acceptance And Use of
Technology) developed by Venkatesh et al. (2003) To
give an understanding of the acceptance of technology,
Venkatesh et al. (2003) Setting the goal of developing the
theory of technology acceptance by integrating the main
constructs: performance expectacy, Effort expectancy,
social influence and facilitating conditions which predicts
bhavioral intentions. UTAUT is applied to e-commerce
platforms using four main constructs and additional trust
perceptions and cost perceptions [9]. Other studies also
sought to identify structural models related to the
implementation of e-commerce in Tanzanian SMEs [10].
While Sim et al. (2021) extends the UTAUT model by
adding two variables: the level of trust in the vendor (TIV)
and the perception of the effectiveness of the e-commerce
institutional mechanism (PEEIM) [7].

UTAUT's theoretical model in the acceptance and use of
technology is actually determined by behavioral
intentions. The perceived possibilities of adapting to
technology depend on the direct effects of four main
constructs, namely performance expectations, effort
expectations, social influences, and supportive conditions.
The predictor effect was moderated by age, gender,
experience, and voluntariness of use [8].

Next, we adopted the UTAUT2 model which is an
extension of the UTAUT which Involve the moderation
variables: gender and income to measure how these
moderation variables affect the relationship between other
variables. We discuss the research objectives of the
UTAUT?2 model as well as previous studies on the use of
technology in various contexts such as the use of mobile
devices [2], [3], [4], [5], mobile payments [12], [13], e-
invoicing services [14], online insurance [15], online
banking [12].

The rest of this study is arranged as follows: the second
part is literature review and hypothesis development;
methodology is given in the third part; the fourth part is
the results of empirical studies; the fifth is the discussion
and the sixth is the conclusion and implications. The
analysis method used Partial Least Squares Structural
Equations Modeling (PLS-SEM) application Smart-PLS
4.1.0.9.

2. LITERATURE REVIEW AND HYPOTHESIS
DEVELOPMENT

Literature Review

Technology acceptance research has yielded a wealth of
evidence on user behavior related to technology adoption.
Many theories have been introduced to understand the
acceptance of technology, which cumulatively explains
the 40 percent variance in technological use behavior
intentions  [16], [17]. The integrated model of the
acceptance and use of technology is one of the most
superior streams of information systems research. Several
theoretical models have been developed from the theories
of psychology and sociology.

The UTAUT integrated model is a combination of eight
theories of understanding the adoption and use of
technology such as Theory of Reasoned Action (TRA),
Technology Acceptance Model (TAM), Motivation
Model (MM), Theory of Planned Behavior (TPB),
Combined (C-TAM-TPB), Model of PC Utilization
(MPTU), Innovation Diffusion Theory (IDT) and Social
Cognitive Theory (SCT).

These models are rooted in different disciplines, which
limit the application of these theories to specific contexts
[8], [18]. For example Theory of Planned Behavior (TPB)
and Theory of Reasoned Action (TRA), both offer a
psychological perspective on human behavior by
examining variables such as behavioral control, attitudes,
and subjective norms [19]. Instead Innovation Diffusion
Theory (IDT) Focusing on the innovation factors that
determine behavior in technology adoption [20]. In
addition, the models have different perspectives that
reflect the types of variables such as subjective norms,
motivations, attitudinal factors related to technological
performance, experience, and supportive conditions [8]
[19].

The MPCU has very narrow implications, since the model
only includes the factors underlying the use of PC
computers on job suitability, complexity, long-term
consequences, facilitating conditions and social factors
[21]. The perspective of the psychology of technology
acceptance behavior is represented by the Motivation
Model (MM) which suggests that technology adoption
and use behavior can be explored through user motivation
[22].

Type UTAUT has the ability to achieve 70 percent
variance in behavioral intent [8], which offers more
powerful predictive power compared to other models. The
interactive effects of some constructs with personal and
demographic factors show the complexity of the
technology acceptance process, which depends on the
individual's age, gender, and experience [8].
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Venkatesh, Thong, and Xu (2012) combines the
relationship of UTAUT with a new construct that expands
the application of UTAUT to the consumer context.
Through a two-stage online survey of 1,512 mobile
Internet consumers, the research results showed the
intention to behavioral (74 percent) and use technology
(52 percent). The proposed expansion is critical to making
the predictive validity of UTAUT.

Conducting research on the application of mobile
banking, which measures how motivated customers are to
adopt technology. In the context of Jordan, the adoption
rate of mobile banking is very low and very little research
has examined issues related to mobile banking. The
results of the study showed that behavioral intentions were
significantly and positively influenced by performance
expectations,  business  expectations,  hedonistic
motivation, price values, and trust. The research also aims
to provide guidelines for banks in Jordan [12].

The same thing is done [23] who analyzes Internet
Banking Acceptance Dimensions. Empirical findings
prove a significant positive contribution of hedonistic
motivation (HM) and trust (T). Along with this, hedonistic
motivation (HM), trust (T), self-efficacy (SE) and habit
(H) showed a positive impact on behavioral intentions
(BI). Finally, the results of the study revealed that habits
(H) and behavioral intentions (BI) have a significant
positive impact on users' intentions to adopt internet
banking.

The study conducted Kabra et al. (2017) seeks to integrate
personal innovations specific to the IT domain with the
UTAUT model [7]. This study investigated the impact of
business expectations, supportive conditions, social
influences, performance expectations, and trust in
technology on behavioral intentions, with personal
innovation as a moderator in the context of HSCM.
UTAUT constructs, performance expectations and
business expectations have a positive and significant
effect on behavioral intentions to adopt information
technology.

Empirical studies conducted Chen et al. (2021) showing
performance expectations and social influence have a
positive effect on the purchase intention of an e-commerce
platform [7]. The study contributes by providing a better
explanation among consumers in Mainland China in
adopting e-commerce platforms to buy fresh food. This
study is useful for e-commerce platform developers and
fresh food retailers in helping to structure online platform
promotions.

Some of the limitations of the above studies, then
Venkatesh et al. (2012) expanding UTAUT, named
UTAUT2 (Unified Theory of Acceptance and Use of
Technology 2). The purpose of the UTAUT2 model is
first, to represent a comprehensive framework for
examining the acceptance of the technology. It is designed
to provide greater precision in explaining user behavior
[18]. The second proposes a model of consumer
technology acceptance behavior, in contrast to UTAUT,
which was developed to examine technology in
organizational settings.

To meet these goals, Venkatesh et al. (2012) extending the

model to adapt to the context of technology use. This kind
of approach, theoretically to predict the acceptance of
technology, is driven and supported by previous research
[8], [26]. In addition to advancing the technology
acceptance literature, UTAUT?2 aims to achieve a broader
generalization by addressing the private user segment.

As explained at the beginning, some of the construct
variables used in the Unified Theory of Acceptance and
Use of Technology (UTAUT2) study are described as
follows:

Performance expectancy in the sense that So far where
one believes that the use of the system helps to achieve
improved performance Venkatesh et al. (2003). These
performance expectations are based on the construct of the
acceptance model (TAM), combination (C-TAMTPB),
motivation (MM), PC utilization (MPCU), diffusion of
innovation (IDT) and social cognitive (SCT).
Performance expectations are a strong predictor of
behavioral intentions in technology acceptance [27].

Effort expectancy in the sense that convenience
associated with use technology. Business expectations are
built from the perception of ease of use and complexity,
driven by the influence of TAM, MPCU, IDT theories
which have similarities in measurement scales [8].

Social Influence, in the sense that A person or individual
feels that others will believe that he or she should use new
technology. These social influences are similar to the
subjective norms used in TRA, TPB, CTAMTPB, MPCU
and IDT, suggesting that one's behavioral intentions will
be adjusted to other people's perceptions of them. The
effect of this social influence is significant when using
technology [8].

Facilitating conditions an individual's belief that
infrastructure is available in support of the use of
technology. These facilitating conditions are formed from
compatibility, perceived behavioral control and
facilitating condition constructs from the influence of
TPB, C-TAMTPB, MPCU and IDT theories. Facilitating
conditions have a direct effect on the behavioral intention
of technology acceptance [8].

The UTAUT2 model postulates the use of individual
technology supported by three additional constructs,
hedonistic motivation, habits and price values, perceived
and habits, which are moderated by gender, age and
experience. The three additions are:

Hedonic motivation as a pleasure derived from the use of
technology and proven to play an important role in
determining the use of technology [18]. The inclusion of
this hedonistic construct is justified by the findings of
previous research in the domain of information systems
and marketing that found that hedonists are perceived as a
significant predictor of the use of technology.

Habits asto what extent people tend to behave
automatically. This construct is operated based on
previous research that has brought the perspective of
automation. Habits are hypothesized to have direct and
indirect effects on actual use through behavioral intent
[18].

LTAUT model santh new constructioninto-the original
=]
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Perceived Value in the sense of a consumer compromise
between the perceived benefits of the application and the
cost of using it [18]. The relationship between perceived
value and intention to use suggests that users consider the
benefits of using technology to be more important than
monetary costs.

Hypothesis Development

Referring to the theoretical foundation of Sub-chapter 2.1.
it can be shown that the integrated model of the use and
acceptance of UTAUT2 technology is influenced by
determination and moderation factors. However, the signs
of a  (positive/negative)  relationship  between
determination and moderation to behavioral intentions
cannot be predicted in advance, so empirical testing is
necessary.

1. Performance Expectancy (PE)

Technology users believe that in the use of information
technology will help achieve gains in performance [8]. In
this case, the expectations Performance is the level of
benefit obtained in a particular activity due to the use of
technology. Performance expectations refer to consumers'
confidence that their purchases from new e-commerce
platforms improve shopping efficiency. Several studies
have proven that performance expectations have
consistently been found to have a significant effect on
behavior using technology [8], [28], [29].

Deep In the context of online shopping consumers,
performance expectations reveal the benefits consumers
get when using technology such as the ability to search for
product information, compare prices and track orders for
packages shipped [30]. Performance expectations are
considered to be the dominant predictor of behavioral
intention in using technology as referred to by the
UTAUT2 model. The greater the increase in efficiency of
using e-commerce platforms, tends to make consumers
use the platform. Therefore, we propose the following
hypothesis:

H-1: Performance expectations have a significant effect
on  the behavioral intentions of using e-commerce
platforms.

2. Effort Expectancy (EE)

The ease of use of technology was initially introduced by
Davis (1989) in the technology acceptance model as the
main factor of technology acceptance and is evidenced in
several UTAUT2 models which show that business
expectations are a significant predictor [8], [18]. The
UTAUT model defines business expectations as
convenience related to the use of technology. Customers
tend to choose technologies that require little effort to use
efficiently.

Several studies have consistently found that business
expectations have a significant effect on technology user
behavior [12], [31]. Studies in banking confirm that
business expectations are a positive indicator of
behavioral intentions for consumers in using mobile
banking [32]. Business expectation factors shows that

there are benefits that mobile banking users feel, more
specifically, speeding up banking transactions. The
convenience felt because of the availability of financial
services can be done remotely 24/7 through internet
banking. Next, the following hypotheses are proposed:

H-2: Business expectations have a significant effect on the
behavioral intent of using e-commerce platforms.

3. Social Influence (SI)

Social influence is defined as the extent to which an
individual feels that others are using a new technological
system [8]. Social influences have a more pronounced
impact on behavior in the early stages of technology
adoption. This has to do with the extent to which other
people think that users should try online services [33]. The
concept of social influence refers to the following ideas:
the subjective norms of the Theory of Reasoned Action
TRA (Fishbein and Ajzen, 1975) and the Theory of
Planned Behavior TPB [34], social factors of MPCU [21].

In many studies using the UTAUT2 model, social
influencing factors have been shown to have a significant
impact on behavior. Social influence expresses consumer
adoption in the use of technology that is strongly
influenced by the people around (family and friends). In
the current context, social influence refers to whether
family members (friends) are more likely to buy goods or
products on e-commerce platforms. Therefore, we
propose the following hypothesis:

H-3: Social influence have a significant effect on the
behavioral intentions of using e-commerce platforms.

4. Facilitating Conditions (FC)

The condition that facilitates is a person's perception of
the assistance of the equipment needed to carry out the
intention behavior [18]. Previous research has shown that
the condition of facilities in banking to build a positive
attitude towards banking [35]. Dwivedi et al. (2019)
estimating the conditions that facilitate influencing
attitudes to technology positively. The facilities provided
can correlate with performance expectations that have the
potential to lead to a positive attitude. Banking and third-
party applications provide the advanced architecture
needed to provide a seamless experience on m-payment
users [37]. Thusi and Maduku (2020) finding facilitates
conditions can improve behavior [33]. The use of online
retail banking is positive, a finding that can be extended
to the context of m-payment. From transfers to digital
payments, the m-payment application has integrated
features to build a positive attitude towards the m-
payment system. Thus, this hypothesis states:

H-4a: Facilitating conditions have a significant effect on
the behavioral intention of using e-commerce platforms.

Furthermore, online banking and m-payment applications
will be able to generate a series of related terms under
various headings such as SI technology infrastructure, IT
architecture, IT archetypes and information technology
functions [33]. Overall all this is to facilitate which can
provide greater benefits to the users. Kabra et al. (2017)
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proving that by facilitating technology can build
acceptance of positive behavior. This can be considered
applicable in all cases of m-payment, as the m-payment
banking application is more dynamic and can provide
better facilities. Therefore, this hypothesis is proposed as
follows:

H-4b: Facilitating conditions have a significant effect on
the actual usage behavior of the e-commerce platform.

5. Hedonic Motivation (HM)

Hedonistic motivation (conceptualized as a form of
perceived pleasure) is defined as pleasure or pleasure
derived from the use of technology, and has been shown
to play an important role in determining the acceptance
and use of technology [39].

Hedonistic motivation is an intrinsic value that
cognitively absorbs users to online platforms. A pleasant
experience and inherent fun and motivating for users to
continue using technology-based services [23]. They
highlight that clients' trust in car banking is determined by
hedonistic motivational factors. The client's feelings and
emotions are the main prerequisites for the view of
technology use. Therefore, we add hedonistic motivation
as a predictor of consumer behavior intent to use a
technology. Thus, the following hypotheses are proposed:

H-5: Hedonic motivation has a significant effect on the
behavioral intentions of using e-commerce platforms.

6. Habits (HA)

Habits as conceptualized in the research model Kim and
Malhotra (2005) and Venkatesh et al. (2003) reflects the
opportunities for the use of technology and is usually
operationalized as an experience from the initial use of a
technology [8] [40]. Habits are automated behaviors that
are observed following learning accumulated after the use
of technology. In other words, habits are behaviors
learned in response to subconscious stimuli that lead to
pleasurable outcomes.

Yen and Wu (2016) proposes a model that combines three
external variables, namely: perceived pleasure, perceived
mobility and personal habits. Technology acceptance
model (TAM) to assess antecedent influencing behavioral
intent in the continuous use of MFS (mobile Financial
Services). Their findings reveal that habits are the main
antecedent that affects the intention to behave in the use
of technology.

H-6: Habits have a significant effect on the behavioral
intentions of using e-commerce platforms.

7. Perceived Value (PV)

The price value may have an influence on the use of
technology. In marketing research, (monetary) price is
usually conceptualized along with the quality of the
product or service in determining the product [42]. Mobile
banking-related costs are generally due to the need for a
mobile phone, internet connection, and any additional
costs in the use of technology applications.

We follow the definition that a price value is the
consumer's cognitive exchange between the perceived
benefits of the platform's application and the monetary
value. Empirical evidence confirms that consumers are
more likely to adopt services of comparable value [43]. In
their paper, they anticipate the possibility of higher
adoption of mobile banking for consumers with the price
value of the service. Therefore, here are the proposed
hypotheses:

H-7: Perceived value has a significant effect on the
behavioral intention of using e-commerce platforms.

3. METHOD

Participants

The survey is distributed through a Google Form
questionnaire. All participants who participated in the
study were volunteers. In face-to-face contact,
participants are informed of their right to participate in or
withdraw from the survey at any time during the study
orally and by reading and understanding the research
ethics and the primary objectives of the study. The online
survey explains the purpose of the study and the
participants' right to participate.

The distribution of survey questionnaire answers is
calculated based on the type of questions of each
indicator. The recapitulation of the distribution of
participants shows several indicators with many
participant assessments on a Likert scale from 1 to 5
where the answer items are combined to form a score that
presents the attitudes, opinions and perceptions of
participants in the use and acceptance of technology. After
filtering out missing data and duplicate responses, we
gathered 115 participants.

Table 1. Demographic Data.

Man Woman
Informat
ion Freque | Freque Freque | Freque
ncy ncy (%) ncy ncy (%)
Gender 52 45,5% 63 54,8%
Tokoped | 24 46,15% 27 42.86%
1a 28 53,85% 36 57,14%
Shopee
Income:
< 10 | 19 16,5% 96 83,5%
million
10 — 25| 19 16,5% 96 83,5%
million
25 > | 14 12,2% 101 87,8%
million

Research Variables

Exogenous variables of the integrated model of
acceptance of the use of technology include performance
expectations, business expectations, social factors and
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facilitation conditions are adapted [8]. Based on the Stan
literature review, we developed the UTAUT2 model as an Indicat M Me Mi | M | dard | Kurt Ske
adaptive synthesis in the context of the acceptance and use ors ca | dia n | ax | Devi | osis | V€S
of technology. Furthermore, additional constructs such as n |n ation s
hedonic motivation [39], [40] and Clothes. Lastly, the
price value is adapted from [42] used as an exogenous 4. 40 1. |5. 075 | 191 |-
variable. The pricing structure may have a significant EE2 21 06 00 | 00 5' 5' 1.00
impact. Empirical evidence of short messaging services in 7 0 0 2
China, cheaper prices [44].
. . . . 4. 1. |5. -
The behavioral intention in the UTAUT2 model is one of EE3 06 | %9 100 100 | 976 | 120 | 44
the main variables of technology acceptance and use. In 1 19 1o 1o |1} 5 4
the UTAUT2 model, it is shown that behavioral intention
and use behavior are influenced by several determinant 4. 40 2. 5. 069 |- -
factors. SI1 20 06 00 | 00 2' 0.22 | 0.46
For moderation variables What was observed were gender 9 0 0 0 6
and income. Gender as a dummy variable (1/0) to see if 4 3 5 ; }
there is a significant difference from gender moderation S 45 129 100 100 |99 |04a | 074
(female and male) in technology acceptance [8]. ) 00 o |o 6 5' 4'
Furthermore, income is also used to see if there is a
difference in technology acceptance based on the user's 4. 40 2. | 5. 067 |- -
consumer income SI3 23 Ob 00 | 00 7' 0.05 | 0.50
5 0 0 9 0
4. RESULT AND DISCUSSION
4. 2. | 5. - -
RESULT FC1 11 300 00 | 00 (2)'83 0.13 | 0.67
As shown in Table 2, the average indicator is 4.122 and 3 0 0 9 6
ranges between 4 and 5. These findings show that the
majority of respondents expressed very positive responses 4. 4.0 2. |5, 076 | -
to the questions. Further the normal range of skewness- FC2 13 100 |00 1001, 0.45 | 0.46
kurtosis values is £1.96 (significance 0.05). Therefore, all 0 0 10 1 5
indicator items are distributed normally (< £ 1.96). 4
Specifically, the mean values of kurtosis are 0.0196 or 1 4.0 3.5 064 |~ -
range -0.935 and 1.915 and skewness -0.5253 or range - FC3 24 00 00 | 00 1 0.66 | 027
1.340 to -1.002. However, this method is not based on 3 0 0 7 >
assumptions or conditions such as normal distribution and 4 1 |s B
is free of symptoms of multicollinearity. FC4 20 4.0 00 | 00 0.77 | 1.10 0.82
00 1 0 ’
0 0 0 5
Table 2. Descriptive Statistics. 3 2 5 - -
~ 1 4.0 ) ~ 1 0.72
Stan HMI1 97 00 00 | 00 ] 0.00 | 0.37
Indicat M Me Mi | M | dard | Kurt Ske 4 0 0 3 !
ea | dia . . wnes
ors n ax | Devi | osis 3. 1. | 5. - -
n |n t s 4.0 0.97
ation HM?2 73 00 | 00 0.01 | 0.66
00 0
9 0 0 0 9
4, 40 2. | 5. 083 |- -
PE1 11 06 00 | 00 2' 0.13 | 0.67 3. 1. |s. - -
3 0 10 9 6 a3 |49 |+ 100 |00 | %81 | 0.6 | 0.20
00 0
6 0 0 0 8
4, 50 3. | 5. 063 |- -
PE2 45 : 00 | 00 ' 0.44 1 0.74 HAI 4 40 |3 5 064 |- -
OO 6 . . . . .
2 0 10 5 4 24 100 |00 |00 |1 0.66 | 0.27
4, 40 3. | 5. 064 |- - 3 0 0 / 2
PE3 24 : 00 | 00 ' 0.66 | 0.27 HA2 4 40 |3 5 063 |- -
OO 1 . . . . .
3 0 10 7 2 20 {00 |00 |00 |5 0.60 | 0.19
4. 4.0 LS. 0.76 | 1.20 | . " ’ " ’ i
PE4 06 . 00 | 00 ’ ’ 0.70 HA3 4 40 |3 5 0.64 | - -
OO 1 5 . . . . .
1 0 10 4 24 {00 |00 |00 |1 0.66 | 0.27
4. 40 2. | 5. 069 |- - 3 0 0 / 2
EEI 20 06 00 | 00 2' 0.22 | 0.46
9 0 0 0 6
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Stan
Indicat M Me Mi | M | dard | Kurt Ske
ea | dia . . wnes
ors n ax | Devi | osis
n n . s
ation
4, 2. | 5. - -
PVI |23 3'00 00 | 00 (7)'67 0.05 | 0.50
5 0 0 9 0
4, 2. | 5. - -
PV2 |11 3'00 00 | 00 (2)'83 0.13 | 0.67
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Measurement Model

After the PLS-SEM algorithm was carried out, the
research design was tested by evaluating validity and
reliability [45]. Convergent validity confirms whether
each construct can be reflected by its own indicators to
ensure the unidimensionality of the multi-item factor and
eliminate unreliable indicators. In addition to the loading
factor, the measurement must report validity and
reliability. Table 3. Reporting on the loading factor, AVE
and composite relation.

Composite reliability aims to see the consistency and
stability of respondents in answering the questions
contained in the questionnaire. The construct variable in
this study is declared reliable if it has a composite

more than 0.60 [45], [46]. The main measurement criteria
include reliability consistency (Cronbach's alpha, rho-A
reliability, and rho-C reliability).

Table 3. Loading Factor, AVE and CR.
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Figure 2. UTAUT2 Model Research Design (With
Moderation)

5. DISCUSSION

Referring to the development of the hypothesis, it can be
seen that behavioral intentions in the use of actual
technology (use behavior) can be caused by the influence
of determinative factors. However, the signs of the
relationship  between behavioural intention and
technology use cannot be predicted in advance, so
empirical testing is needed.

Related Table 4. results of the UTAUT model research
(without moderation) The use of technology shows the
following findings. Performance expectancy has an
important positive influence on behavioural intention and
technology use (B =0.137; p-value 0.046) which is in line
with most of the previous literature [40][8] [36]. Some
research using the UTAUT2 model, the Performance
Expectacy has been proven to have a significant impact on
behavior using technology. Zhou, Lu, and Wang (2010)
testing TTF and UTAUT models that explain adoption in
mobile banking users. By integrating the two, the results
of the study found that performance expectations, task
technology suitability, social factors and facilitating

conditions had a significant effect on user adoption. In
addition, studies have found a significant effect of
technological suitability on performance expectations.

In the scope of research, performance expectations mean
that users prefer e-commerce platforms because they can
improve shopping efficiency and the shopping process is
more effective. The huge increase in efficiency on e-
commerce platforms makes users more likely to use the
platform. Thus, the H-1 hypothesis, which states that
performance expectations have a significant effect on the
technology usage behavior of e-commerce platforms, is
proven to be a strong indicator in predicting technology
acceptance models.

Related effort expectancy has an important positive
influence (f = 0.537; p-value 0.000). The results of this
study are supported by several previous studies that show
that business expectations as a predictor are very
significant [8], [18]. Several studies have also consistently
proven that business expectations have a significant
positive influence on the use of technology [12], [31]. In
the study Tarhini et al. (2016) in the sector Banking also
confirmed that business expectations are a positive
indicator in the use of mobile banking. This statement
built from the perception of ecase and complexity
influenced by the TAM theory model, MPCU which has
the same measurement scale [8].

The ease of shopping apps and websites will have a
significant impact on shopping behavior. So, platform
vendors need to consider the design and ease of use of the
application. They need to figure out how to increase trust
to make customers feel comfortable. This will attract more
consumers to e-commerce shopping as a way to get the
goods they need. Thus, the H-2 hypothesis that business
expectations have a significant effect on technology use
behavior is proven to be important in the technology
acceptance model.

Factor Social influence Within the framework of an
integrated model, expressing shopping behavior on the
platform is influenced by the people around them who
trust and encourage consumers to use technology. Social
influence refers to the idea of subjective norms of TRA
action theory (Fishbein and Ajzen, 1975) and TPB
behavior theory [34] which states that a person's behavior
will be adjusted to the perception of others. Social
influence reflects the behavioral influence of the opinions
of friends, relatives and family. Result Empirical
evidence shows that social factors have a positive and
significant effect (f = 0.082; p-value 0.069). These results
are in line with the study [24] which seeks to integrate
personal innovations specific to the technology domain on
the influence of social factors, along with other variables.
The results of the study show that performance
expectations, business expectations and social factors
have a positive effect on information system technology
adoption behavior. Thus, the H-3 hypothesis states that
social factors affect the intention to behave in using
technology.

Regarding facilitating conditions, it is empirically
identified as a direct determinant of technology adoption.
Empirical results showed that supporting facilities had a
positive effect (f = 0.039; p-value = 0.046) on behavioral
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intentions. The effect of the condition of the supporting
facilities on the use of actual technology (use behavior)
produced an important positive effect (8 = 0.412; p-value
0.000). The same thing is shown in the research _of
Dwivedi et al. (2019) which estimates that facilitation
conditions affect attitudes towards technology positively.

Furthermore, supporting facilities can help increase
consumer confidence. Thus, the H-4a hypothesis that the
facility is conditioned to have a significant positive effect
on behavioral intentions. The same thing is also shown by
the H-4b hypothesis where the condition of the facility has
a significant positive effect. This proves that conditioned
facilities can be an important variable in the technology
acceptance model.

Related hedonic motivation has been shown to play an
important role in determining behavioral intentions.
Empirical research shows that hedonistic motivation has a
significant positive effect (B = 0.325; p-value = 0.007).
The same findings were given [32] related to the
hedonistic motivation of adoption on mobile services. The
same thing is stated Sharif and Raza (2017), in Pakistan,
client trust in banking is heavily influenced by hedonistic
motivational factors. The results of this study support the
findings Hwang and Kim (2007) and Akhlaq (2013)
which proves that consumer feelings and emotions are the
main prerequisites of user trust. They highlight the
hedonistic motivation for mobile use to be seen as an
entertainment gadget. Thus, the H-5 hypothesis states that
hedonistic motivation has a positive effect on behavior has
been proven to be an important factor in the acceptance of
technology.

Related habits, hypothesized to have an important
influence on the use of technology [18]. The results of the
estimation showed that habits had a significant positive
effect (B =0.224; p-value 0.000) on behavioral intentions.
The same research was put forward Yen and Wu (2016)
and Limayem and Hirt (2003) stating the behavior of
using technology in many studies, proving habits is one of
the determining factors. Thus the hypothesis H-6 which
states that habits affect consumer behavior and have
proven to be an important factor in the technology
acceptance model.

Related perceived value, this study verifies that price
values significantly influence the behavioral intentions of
online shopping. However, these findings are not
supported by the study [8], [18]. The results of the
empirical estimation of the price value had a significant
negative effect (B =-0.357; p-value 0.000). The argument
of this study is due to respondents' responses to the
question of cost structure and the imposition of expensive
fees that have a negative impact on online shopping. Thus
the hypothesis D-7 which states that the price value has a
direct effect on behavior Consumers proved to be
important in the model.

Meanwhile, the hypothesis testing of the UTAUT2 model
(with moderation) as shown in Table 5. presents the
results of the gender and income moderation coefficients
on behavioral intentions and indirect influences on the use
of actual technology. In Table 5. The moderation variable
produced a coefficient of behavioral intentions such as
(gender > BI) of (f = -0.047 p-value 0.748), coefficient

(income > BI) of (= -0.017 p-value 0.905) and
interaction coefficient (gender x income > BI) of ( = -
0.031 p-value 0.916). However, the influence of the three
moderations was not significant on behavioral intentions.
This means that there is no significant difference between
male and female consumers in the use of transaction
technology on e-commerce platforms.

Similarly, when viewed from the level of income, there is
no significant difference from the level of consumer
income to behavioral intentions. The same is also shown
by the moderation variables of gender and income
interaction which do not provide significant difference
values. The presence of an insignificant coefficient
indicates that it is not possible to ascertain the effect of the
moderation variable.

Furthermore, the evaluation is for example gender-
moderated construct variables (EE) and (BI). The
moderation effect (gender x EE > BI) produced a non-
significant effect (f = 0.124 and p-value 0.711). These
results show that the influence of (EE) on (BI) remains
strong and is not influenced by gender moderation. Thus,
the construct (EE) remains an important predictor of
behavioral intent (BI) without considering the influence of
gender moderation.

The relationship between (EE) and (BI) that was
moderated by income (income x EE > BI) also had a
insignificant effect (f = 0.088 and p-value 0.809). This
shows that the influence of (EE) on (BI) is not influenced
by income moderation. Thus, (EE) remains an important
predictor without the need to consider the influence of
consumer income moderation.

Furthermore, the interaction (gender x income >BI)
resulted in a coefficient (f = -0.031 p-value 0.916).
Interaction-moderated (EE) and (BI) relationships (gender
x income x EE > BI) resulted in coefficients (£ = -0.214
and p-value 0.765) or insignificant. This reality shows
that behavior in using the platform is not influenced by
gender or consumer income. Thus, this coefficient
estimation ensures that the influence (EE) on behavioral
intention (BI) is not supported by the moderation
interaction variable. If the indirect effect (gender x
income) is not significant, while the coefficient (EE > BI)
has a significant effect, then the moderation interaction
variable has no effect. The negative (minus sign) indicates
that the effect of the combination of two moderations
weakens the relationship between (EE) and (BI).
However, because the influence of interaction is not
significant, the increase in behavioral intent (BI) in the use
of technology is only directly determined by (EE). This
indicates a direct and non-moderating influence or effect.

6. CONCLUSION

This study formulates and empirically tests an extended
integrated model of UTAUT?2 to explain the factors that
influence the behavioral intentions of using e-commerce
platform technology. This study seeks to expand the
understanding of the adaptation of the acceptance model
and the use of technology with contextual variables. The
theoretical foundation combines the variables of
performance expectancy, effort expectancy, social
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influence, facilitating condition, hedonic motivation,
habits and perceived value.

The study adopts a two-step approach, investigating the
relationship in a conceptual framework with the partial
least square approach of the PLS-SEM structural equation
for model analysis. Reflective measurement model
testing, factor load values (>0.70) and mean variance
(AVE>0.50). reliability of Cronbach's alpha (>0.70), rho-
A (>0.70) and rho-C (>0.70). From the evaluation of the
measurement model and the structural equation model, it
can be interpreted that all constructs have consistency or
accuracy.

Specifically, the empirical conclusions of the study are as
follows: performance expectancy, effort expectancy,
social influence, facilitating conditions, hedonic
motivation, habits and perceived value have a significant
positive effect on behavioral intention in the acceptance
and use of technology. In the end, the variables of gender
moderation and income level did not have a significant
influence on behavioral intention. This means that there is
no difference between male and female users in using
platform applications. Similarly, the income level showed
no significant difference in behavioral intent. The same is
also proven that the effect of moderation interactions does
not show a significant difference. Therefore, there is an
increase in the intention of technology use behavior only
directly and non-moderately.
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