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ABSTRACT

The concept of financial inclusion has been considered as an important element in economic
development particularly in emerging economies. This paper will discuss the correlation
between financial inclusion and economic development and how financial literacy and
technology innovation play a part in this process. It further examines the effect of behavioral
biases on corporate financial decision-making on investment and risk management. The study
employs a panel data analysis method, to evaluate how financial inclusion has overall economic
impacts of different countries. The paper also illuminates the behavioral biases e.g.
overconfidence and loss aversion that affect corporate decisions. These results imply that raising
levels of financial literacy and technology use can be an effective way of enhancing economic
growth, and reducing the influence of behavioral biases can result in a more effective corporate
decision-making process. The paper also gives recommendations that can be made by the policy
makers and corporate managers to enhance financial inclusion and minimize the impacts of
behavioral bias..
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1. INTRODUCTION:

Financial inclusion has become a pertinent area of interest
in recent scholarly literature and policy-makers’ agenda
especially since the issue has become a driving force in
economic growth in emerging economies where large
portions of the population are either unbanked or
underbanked. The multifaceted issues that accompany
financial exclusion go beyond the spatial and
infrastructural barriers that limit the access to formal
financial services to include the widespread lack of
financial literacy which gets in the way of individuals
ability to make sound decisions. The technological
advances that have occurred recently have significantly
reduced these obstacles, in particular, the spread of mobile
banking and digital financial instruments. The M-Pesa
program in Kenya is a good example of how this type of
platform can fill in important gaps, which means that to
millions of inhabitants in the developing world vital
financial instruments, savings, credit services and
insurance data, is now delivered to their mobile phone
with a single button press[1].

Despite the impressive growth of financial services in
most of the developing economies, the achievement of
sound financial literacy is a daunting challenge towards
the successful use of the financial services. As the
availability of increasingly diverse financial products has
expanded, a lot of people still have to struggle dealing
with the primitive process of personal finance
management, contingencies planning, credit products
navigation in a way that best benefits them. Lack of
financial literacy leads to the emergence of sub-optimal
financial behaviors, which in turn limit the transformative
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ability of financial inclusion on the individual welfare and
consequently on macroeconomic progress. The empirical
data provided by Lusardi and Mitchell (2011) compel a
strong correlative association between financial literacy,
decision-making improvement, and the overall economic
performance of the participants but a considerable
knowledge gap remains between the players in the
emerging markets whereby such participants lack the
required acumen to employ the superior financial
instruments to their benefit[2].

In the uppermost ranks of the corporation, the outcome of
making financial decisions has a decisive effect on the
future of companies and whole economies. Economic
performance, the creation of jobs, and balance in the
market are directly determined by those strategic
decisions that deal with capital allocation, risk control,
and resource distribution. But too often corporate
judgment is distorted by biases of behavior-cognitive
errors that trigger decisions that are not optimal. The well-
known examples of such biases are overconfidence, loss-
aversion and herding where such biases are manifested
and can significantly change corporate strategies.
Empirical research by Malmendier and Tate (2005)
indicates the overconfident CEOs tend to overestimate
returns generation, and as a result, they are more likely to
engage in risky investment projects- this scenario
misaligns overall financial structures of the companies
[3]. Equally, loss aversion can create reluctance to divest
or restructure, and therefore, postpones the much-needed
but politically unpopular changes [4].

Although literature on the topic has increasingly
enlightened the extent to which the concepts of financial
inclusion have driven economic progress and, at the same

2290


https://acr-journal.com/
https://acr-journal.com/
https://acr-journal.com/

How to cite : Samira Troudil, Sami Aouadi , Financial Inclusion, Technology, And Behavioral Biases: Shaping Corporate Investment
Decisions And Economic Growth. Advances in Consumer Research. 2025;2(6): 2290-2296

time, challenged the nature of behavioral biases in the
field of corporate finance, the intersection of the two areas
is still largely under-researched. Namely, the connection
between financial inclusion, especially in developing
economies, and corporate decision-making, as well as
mediating power of the behavioral biases, have been
underrepresented in the literature. In addition, the
postulation that the fortification of financial inclusiveness
at both individual and institutional levels may be
translated into increased decision-making judgements in
the emerging economies is still not extensively addressed.

We have identified emerging economies as a unique
context in which to examine the phenomena of financial
inclusion and behavioral bias are closely related to each
other, since they are faster at adopting technology, more
heterogeneous in their financial systems, and have unique
cultural and institutional environments. These areas often
have a faster pace of financial creativity than developed
economies are. The adoption of mobile money systems
including M-pesa has proved important in promoting the
idea of inclusion in sub-Saharan Africa where the
traditional banking channels are still sparse [5]. However,
the literature that has survived tends to overlook the
consequences of such inclusionary advances to the
corporate decision-making procedures particularly in the
areas of investment, risk management, and behavioral
biases that can influence such decisions.

The prevailing body of study that focuses on the
behavioral bias in financial decisions has been largely
focused on developed economies that have well-
developed financial markets along with institutional
specifications. Previous research preempts the occurrence
of overconfidence and herding behavior hence explaining
their tendency to generate poor outcomes. These studies,
however, rarely take into consideration the emergent
market conditions, which are typified by distinct pitfalls
and prospects of inclusion, which could present divergent
patterns of corporate decision-making [6][7].

This paper attempts to fill in that gap by providing the
following core question: What does the concept of
financial inclusion do to the corporate financial decision-
making of emerging economies and how do behavioral
biases mediate this relationship through time?

The study will examine how the improved inclusion in
financial decision-making is associated with corporate
judgements, and specifically examine the overconfidence,
loss aversion, and herding bias phenomena with the help
of a longitudinal panel data approach to reveal the
dynamics over time. It is expected that the insights will be
able to clarify how inclusionary measures can be used to
mitigate the negative biases, which would promote a
better corporate financial strategy and wider economic
development.

2. LITERATURE REVIEW

1.1. Financial Inclusion and Economic Development

Financial inclusion implies the availability and access to
financial services by individuals and firms, especially
those in under-served areas. It is largely seen as a key
facilitator of economic growth and especially in
developing economies where large numbers of people are

not part of the formal financial system. There exists a
strong empirical evidence showing that financial inclusion
has a direct effect on economic growth through provision
of the necessary financial instruments to businesses and
households such as savings, loans, insurance and credit.
According to Beck et al. (2007), financial inclusion
increases economic growth through better allocation of
resources and enhanced entrepreneurship especially in
developing countries and low-income countries [8].
Similarly, Demirguc-Kunt and Levine (2008) argue that
strong financial systems in the form of high inclusions
levels increase the effectiveness of the economy and
growth rate by enhancing access to capital [9]. Burgess
and Pande (2005) also believe that inclusive finance in
rural areas can be expanded to revolutionize the welfare
and redistribute income; this can help foster inclusive
economic development in the regions that have been
neglected [10].

In the same vein, microfinance through its delivery of
financial services to poor people and small businesses has
shown to be an effective tool of poverty reduction. As
observed by Cull, Demirguc-Kunt, and Morduch (2014),
microfinance institutions (MFIs) are critical towards
inclusion through provision of credit and savings products
to the underserved groups. The relationship between
microfinance and increased economic activity, women
empowerment and improved household welfare has been
well-documented [11]. It has an immense influence on
poverty alleviation, especially in the regions with a low
access to the conventional banking system. However,
Morduch (1999) warns that although microfinance
provides an option of indispensable financial services, its
effects on reduction of poverty are less conclusive as some
borrowers are likely to be trapped into the trap of debts
[12].

Nevertheless, the last ten years have seen the use of
mobile banking and FinTech radically redefine the
financial inclusion environment, especially in sub-
Saharan Africa and South Asia. The success of mobile
money system like M-pesa is a case of how technology
can be used to make financial transactions more
transformative. According to Jack and Suri (2011), M-
Pesa has enabled millions to have mobile transfers,
savings, and credit services, and thus made them more
financially resilient and fueled economic development in
regions that were previously left behind [13]. Suri and
Jack (2016), build on this and state that adoption of mobile
money stimulates business prospects, savings behaviour,
and economic resiliency particularly among low-income
households [5].

Besides all, financial inclusion is still limited even with
these efforts due to low financial literacy especially in
developing situations. As Lusardi and Mitchell (2011)
argue, financial literacy is an essential tool that cannot be
ignored in the proper use of financial products and
services. Without it, people can spend such products
improperly or unproductively thus reducing the
prospective economic gains of inclusion [3]. It is
highlighted by Klapper and Lusardi (2020) that the ability
to endure financial shocks, which can be defined as
financial resilience, is closely connected with literacy and
inclusion in the majority of vulnerable groups [9].
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1.2. The Biases in Corporate Financial Decision
Making Behavior

Corporate financial decision making is largely influenced
by behavioral biases, which in most cases lead to the
realization of unoptimal results in such areas as
investment, risk taking, and financing policy. Behavioral
finance attempts to explain the influence of cognitive and
affective modes on corporate behavior which often leads
decision-makers to deviate off rational paradigms.

Overconfidence bias is one of the widely reported
cognitive biases in corporate finance. Executives who are
overconfident believe in their abilities and potential
success of investments, which encourage them to take on
an excessively high level of risk. Malmendier and Tate
(2005) report empirically that overconfident chief
executive officers are more likely to make aggressive
investment choices, over-paying to a merger or making
risky, unpredictable investments, which has an adverse
effect on long-term performance and increases volatility
in corporate finance [10]. Ben-David et al. (2013) also
disclose that the overconfidence among managers may
trigger risk underestimation in capital budgeting decision
making, which eventually may decrease the shareholder
value [11].

Also, a major assumption in prospect theory (Kahneman
and Tversky, 1979) is the fact that people are more
inclined to avoid losses than the similar gains. In corporate
decision-making, loss aversion may trigger non-optimal
investment decisions, including holding on to poorly-
performing assets in an attempt to evade incurring a loss.
This is what Kahneman and Tversky (1979) refer to as the
sunk cost fallacy that results in an ineffective allocation of
capital, which is effectively at the cost of losing
businesses instead of minimizing losses in the initial
stages, thus undermining corporate effectiveness [12].

Alternately, herding behaviour refers to the disposition of
individuals or groups of people to imitate other people,
although it is inconsistent with personal information or
other rational thoughts. Herding is particularly acute in the
area of corporate finance in times of uncertainty.
Scharfstein and Stein (1990) demonstrate the inefficiency
of certain investment decision making in the course of
financial bubbles or overreaction in the market through
herding. Herding in the business world can encourage
managers to take risky actions which are resembling those
of their competitors which are not in the best interests of
the firm [13]. According to Biais et al. (2005), herding in
corporate finance promotes market inefficiencies and
exerted more adverse effects on financial crisis that was
experienced in the global financial crisis in 2008 [14].

1.3. The Intersection of Financial Inclusion and
Behavioral Prejudices in Firm Decision-Making

The intersection point between financial inclusion and
behavioural biases is understudied in the academic
literature. Although the study of financial inclusion has
focused mainly on macro-economic and socio-
developmental perspectives, and behavioural biases have
been investigated on the individual and corporate level it

now remains to be thoroughly interrogated on how these
two aspects interrelate with each other.

Based on previous research, financial inclusion can reduce
certain biases including availability bias, which is where
decision-makers use information that is easily accessible
and thus incomprehensive or inaccurate. Increasing the
availability of financial services and finance literacy may
reduce the use of biased heuristics. Lusardi and Mitchell
(2011) affirm that one of the critical considerations in
financial education is to give people and corporate
managers a more superior judgment [2]. Klapper and
Lusardi (2020) also emphasize that the financial
resilience, which is closely connected to inclusion, could
be enhanced with a better understanding of financial
products and services [14].

In a nascent economy, the spread of financial inclusion
may possibly reduce some of the biases that undermine
corporate decision-making. However, even with the
increased accessibility, biases, including overconfidence
and loss aversion, might still exist, paralyzing the best
results. Under such situations, managers can fall back on
informal networks or gut feelings because of reduced
financial literacy or institutional confidence. There is
therefore a need to learn more about the process of how
financial inclusion can be designed not simply to make
capital available, but also to reduce biases through
decision support devices and effective financial education
programs.

In sum, the effect of financial inclusion and behavioural
biases at the individual level has been mostly explored by
empirical scholarship. However, little has been done in
regards to how inclusion interacts with biases to influence
corporate financial decision making especially in the
emerging economies. The role played by inclusion in
decision making under cognitive biases is a relatively
unexplored field, particularly in dynamic markets that
have low financial literacy and have changing institutional
structures.

This paper attempts to fill this gap by using the panel data
analysis technique to question the association amid
financial inclusion and corporate decision-making in
rising economies, with references to how the behavioural
biases mediate these decisions. The study will examine
the possibility of financial inclusion alleviating the effects
of bias, hence, establishing more rational and efficient
corporate financial policies.

3. METHODOLOGY

This academic study is based on the panel data
econometric models, to determine how financial inclusion
can impact the corporate financial decision-making, as
well as explore the mediating variables of behavioral
biases in the emerging markets. The longitudinal data,
also known as panel data, combines cross-sectional
observations (e.g. countries or firms) with time-series
observations over a period of years, providing a more
informative base of information than either cross-
sectional or time-series data alone. The panel methods can
be used to control the unobserved heterogeneity by taking
advantage of cross-sectional and time dimensions and to
increase the effectiveness of parameter estimation [18].
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1.4. Research Design and Rationale:

This research especially suits panel data methodology,
which addresses the active development of such aspects
as financial inclusion, corporate financial performance,
and behavioral characteristics of a range of countries or
corporations. Unlike a simple cross-sectional design,
panel designs permit the assimilation of time-invarient
unobserved variables, e.g., cultural or institutional
differences, the exclusion of which would otherwise
subject the estimated coefficients to biases [19].

The main econometric model estimated in this study is a
linear panel regression model, expressed generally as:

Yit=a+pXit+yZit+piteit

Where:

e Y denotes the dependent variable (e.g., corporate
investment decisions or risk management
indicators) for entity iat time t,

e X represents financial inclusion measures (such
as account ownership, credit access, or mobile
money penetration),

e Zincludes control variables (e.g., GDP per
capita, firm size, literacy rates),

e y;captures unobserved time-invariant effects
(fixed or random),

e ¢ is the idiosyncratic error term.

1.5. Fixed Effects vs Random Effects

Two major frameworks are used that are panel estimates
depending on the nature of unobserved heterogeneity. The
Fixed Effects (FE) model addresses all the time-invasive
heterogeneity by permitting each entity, whether it is a
country or a firm, to have its intercept. The method is quite
stable in estimating the unobserved individual effects in
cases where they share correlation with other regressors
thus isolating the true within-entity effects of financial
inclusion on corporate decisions [20]. Contrarily, the
Random Effects (RE) model presupposes that the
unobserved individual effects are random and
independent of regressors. Although the RE estimator is
more efficient with this orthogonality condition, in this
condition bias-free inference is conditional on the
assumption. Hausman test thus informs the decision to go
with FE or RE based on the differences between the two
estimators [21]. In practice, FE model is frequently
suggested when one is interested in causal relationships
between entities across time, especially when the cause of
such relationship may be unobservable, e.g. governance
quality, or social norms, which can be related to both
financial inclusion and corporate behaviour.

1.6. Diagnostic Tests and the Choice of a Model.

When validity of panel estimates is to be ensured, a
number of diagnostic tests are to be applied. Chow test is

used to compare a pooled Ordinary Least Squares (OLS)
model with the panel model; significant value would lead
the researcher to reject the pooled OLS to the panel model
with individual effects [22]. Hausman test on the other
hand is used to determine the correlation of the
unobserved individual effects with the regressors, a
significant result implies that FE has to be adopted in
preference to the RE to avoid biased estimation [6]. When
testing cross-sectional dependence and heteroskedasticity
as in macro-panels (where multiple countries are observed
over a number of years), it is important to test for cross-
sectional dependence and heteroskedasticity since the
existence of correlated disturbances between entities may
bias standard errors and inference. Corrective actions
which are appropriate like strong standard errors are
implemented where needed [23]. In case of persistence in
the dependent variables, it can be argued that dynamic
panel data estimators which include ArellanoBond
Generalised Method of Moments (GMM) can be adopted
to overcome endogeneity that is caused by lagged
dependent variables or feedback effect [24].

1.7. Preparation and Variables of Data.

Primary data is obtained by securing credible secondary
repositories, namely the World Bank Global Findex
Database (regarding financial inclusion indicators), the
World Development Indicators (regarding
macroeconomic controls) and the firm level corporate
financial databases. Dependent variables include
corporate financial performance (e.g. investment rate,
leverage ratio, and risk indicators). The independent
variables include financial inclusion indicators (account
ownership, use of mobile money and access to credit).
Included in the control variables are the GDP per capita,
the level of education, the age or the size of the firms, and
the country governance indicators. Without direct metrics
of behavioral biases, proxies of them are used, including
volatility of investment or frequency of earnings surprise
or risk profile deviations, as used in empirical finance
literature. Data structure can be balanced and unbalanced
based on completeness of observations of entities and
time.

1.8. Estimation tool

All the panel data regression models will be estimated by
means of SPSS, which will provide the possibility to
estimate both FE and RE models with the help of its
Generalised Linear Model procedures. In spite of some
limitations which SPSS can have as compared to
specialised econometric packages like Stata or R, its
Mixed Models or Generalised Estimating Equations
(GEE) frameworks can estimate panel regressions with
entity effects. It can also write custom syntax to do
Hausman tests.

4. DATA ANALYSIS
4.1. Descriptive Statistics and Initial Data Exploration

Before proceeding with regression analysis, an initial
exploration of the dataset was conducted. Descriptive
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statistics were calculated for the key variables to
understand the central tendencies and variations.

Table 1: Descriptive Statistics of Key Variables

Variable | Mea | Std. | Min | Max | Observati
n Dev. ons

Mobile 25.1 | 154 | 5% | 95% | 100
Money % %
Usage
(70)

Bank 50.5 | 252 |10 100 100
Account | % % % %
Penetrati
on (%)

Credit 353 1203 | 0% | 80% | 100
Access % %
(%)

Corporat | 12.4 | 8.6 1% | 45% | 100
e % %
Investm
ent Rate
(%)

Risk- 056 [ 023 [0 1 100
Taking
Indicator
(0-1)

GDP per | 15,4 | 5,67 | 4,50 | 50,0 | 100
Capita 32 8 0 00
(USD)

The table above summarizes key financial inclusion
indicators, such as mobile money usage and bank account
penetration, showing substantial variation across
countries/regions. The mean mobile money usage is
25.1%, indicating a significant reliance on mobile
financial services. Bank account penetration has a wider
spread, ranging from 10% to 100%, reflecting varying
levels of access to formal financial services across the
countries in the dataset. The corporate investment rate has
an average of 12.4%, showing the average proportion of
resources allocated to investment.

4.2. Panel Data Regression Results

The results of the Fixed Effects (FE) regression model are
presented below.

Table 2: Panel Data Regression Results (Fixed Effects
Model)

Variable Coefficient | Std. t- p-
Error | Statistic | value

Financial 0.251 0.063 | 3.98 0.000

Inclusion

Behavioral | -0.087 0.042 | -2.07 0.041

Bias

GDP  per | 0.032 0.015 | 2.13 0.035
Capita

Firm Size | 0.022 0.009 | 2.44 0.018
Constant 5.341 1.215 | 4.39 0.000

The coefficient for Financial Inclusion (0.251) is positive
and significant, suggesting that greater financial inclusion
(e.g., higher bank account penetration and mobile money
usage) leads to higher corporate investment rates.

Behavioral Bias has a negative coefficient (-0.087),
indicating that behavioral biases such as risk aversion or
overconfidence tend to reduce rational corporate
investment.

GDP per Capita and Firm Size are positively correlated
with corporate investment decisions, implying that
wealthier economies and larger firms tend to invest more.

4.3. Interaction Terms and Moderation Analysis

To explore how behavioral biases moderate the
relationship between financial inclusion and corporate
decision-making, we introduce an interaction term
between financial inclusion and behavioral bias.

The new regression model is:

Y,y = a + B, - Financial Inclusion;; + S,
- Behavioral Bias;; + f53
- (Financial Inclusion
X Behavioral Bias) +y - Z;; + p; + €;¢

Table 3: Interaction Model Results

Variable Coefficient | Std. t- p-
Error | Statistic | value

Financial 0.289 0.074 | 3.91 0.000

Inclusion

Behavioral | -0.103 0.048 | -2.15 0.033

Bias

Interaction | -0.142 0.058 | -2.45 0.016

Term (FI x

BB)

GDP  per | 0.035 0.016 | 2.19 0.029

Capita

Firm Size 0.019 0.010 | 1.90 0.057

The interaction term (Financial Inclusion x Behavioral
Bias) is negative and statistically significant (coefficient
= -0.142, p-value = 0.016), indicating that behavioral
biases (such as overconfidence or risk aversion) reduce
the positive effect of financial inclusion on corporate
investment decisions.

This result suggests that while financial inclusion
promotes investment, the impact is weaker in the presence
of behavioral biases.

The panel regression results indicate that financial
inclusion positively affects corporate decision-making,
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specifically by improving investment rates. However, the
presence of behavioral biases, such as CEO
overconfidence and risk aversion, weakens this effect.
These findings underscore the importance of addressing
behavioral biases in corporate governance, as they may
undermine the potential benefits of financial inclusion
initiatives.

5. DISCUSSION AND CONCLUSION
5.1. Discussion

The panel data regression analysis offers significant
information regarding linking financial inclusion with
corporate decision-making and behavioural biases in
emerging economies. The results have shown that
financial inclusion, especially the ownership of bank
accounts, the utilisation of mobile money and access to
credit have a positive impact on corporate investment
behaviour in terms of expanding access to financial
facilities and reducing liquidity pressures, which are
associated with improving the quality of decisions.

The observed positive relationship between the financial
inclusion and corporate investment is consistent with the
literature. Other scholars like Beck et al. [8] have put
forward claims that the access to financial services allows
economic activity to occur because firms are able to make
informed investment decisions. The positive impact of
mobile money services can be well researched by Jack and
Suri [1] and Suri and Jack [5], in their works they have
shown that large scale mobile-money adoption gives the
society a means to be included and this gives businesses
the ability to risk, access credit, and invest responsibly.
These insights are supported by our panel-regression
findings, which reveal that the greater the use of mobile-
money the greater the corporate investment.

This is in line with the views of Demirgiic-Kunt and
Levine [9] who underline the capacity of financial
development and advanced systems in promoting
economic development and good corporate decision-
making. Morduch [12] also highlights the importance of
the microfinance and access to formal financial services
as enabling new investment opportunities, particularly in
underserved sectors which is of significance to any
economy striving towards an inclusive development.

The paper also finds the behavioural biases, especially the
overconfidence of CEOs and the risk aversion, as
important factors in shaping corporate investment
behaviour. Malmendier and Tate [3] demonstrate that
overconfident CEOs have a tendency to overestimate
returns in future prompting in most cases overinvestments
in risky projects. This result can be reconciled with our
observations, in which overconfidence was found to be
represented by a negative interaction effect, neutralizing
the effect of financial inclusion on investment.

Further, the adverse association of behavioural biases with
corporate decision making resembles the prospect theory
of Kahneman and Tversky (1979), which suggests that
risk aversion and loss aversion do not support investment
especially in situations of uncertainty [4]. The fact that
these biases have a negative coefficient in our regression
therefore gives credence to the hypothesis that these
biases weaken rationality of investment decisions

We, also, make use of the argument by Goldberg et al. [7]
who present the view that overconfidence by CEOs
inhibits corporate risk-taking. Overconfident leadership is
normally associated with high-risk financial behaviour
which undermines investment performances particularly
in times of financial uncertainty. Our results, therefore,
indicate that financial inclusion programs will be less
effective when the biases on the part of corporate leaders
still affect the investment decisions, and in this regard,
there are practical implications both to the policymakers
and corporate managers.

The findings on the positive correlation between GDP per
capita and investment rates support the finding of Beck et
al. [8] and Demirguc-Kunt and Levine [9] who argue that
wealthier economies are in a better position to make sound
investment decisions due to the better access to capital and
the better developed financial markets. The size of the
firm also has a positive correlation with investment
meaning that large firms are in a better position to enjoy
the fruits of financial inclusion.

5.2. Conclusion

The paper strengthens the key role of financial inclusion
in improving corporate decision-making processes,
particularly as regards to investment decisions in the
emerging economies. The findings suggest that the
enlarged access to financial services, including mobile
money and bank accounts, will promote more rational
investment decisions by enhancing access to capital and
provided it is possible to allocate resources efficiently.
However, the analysis shows that these positive effects are
regulated by behavioural biases especially the
overconfidence and risk aversion of CEOs, which can
result in suboptimal investment performance.

The results indicate that as much as the promotion of
financial inclusion is necessary in enhancing the corporate
investment behaviour, it is also important to consider the
cognitive bias that business leaders can have in their
decision making. This view is similar to previous studies
by Malmendier and Tate 3 and Goldberg et al. 7 that show
the strong impact of CEO biases on the financial
performance of companies.

Regarding policy implications, the study recommends an
inclusive approach that will combine both financial
inclusion and initiatives that minimise behavioural biases.
The policy makers ought to not only strive to expand
access to funds, but also introduce educational
programmes to strengthen financial literacy and enhance
rational decision-making in the corporate governance.
Indicatively, the CEO training programmes would work
to reduce the biases like overconfidence and loss aversion
hence increasing the financial inclusion benefits.

Further studies may explore causal links between biases
in behaviour and investment decision using firm-level
data, and explore how financial literacy programmes
could reduce bias and increase corporate investment
behaviour. It would also be useful to delve into how
financial inclusion would work in other aspects of
corporate decision-making, including risk management
and strategic planning, as a way of building a more
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multifaceted picture on the consequences of financial
inclusion..
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